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- Naive-Bayes Nearest-Neighbor(NBNN) [Oren Boiman et al. 2008]
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- Towards Optimal Naive Bayes Nearest Neighbor [rRegis Behmo

et al. CVPR 2010]
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- Image-To-Class Distance Metric Learning for
Classification. [Zhengxiang Wang et al. CVPR 2010]
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- The nbnn kernel.[T.TuyteIaars et al. ICCV 2011]
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Saliency Map
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- NBNN[Boiman 2008]
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