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Abstract In this paper, we propose a novel ranking method which aims to detect automatically relevant Web
video shots of specific actions using visual links between the video shos as well as textual links between the videos
and their tags. Our method adopts content based features to reduce tag noise and exploits the refined tags to

improve VisualRank method which employs only visual features. We conduct large-scale experiments and show the

effectiveness of our proposed method over the baseline.
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0 1 Results of 20 human action categories compared between
baseline and our proposed method. All of these categories
have precision lower than 30% by using baseline method.
VTR means VTR computed with a uniform bias vector(3)
while Pose-VTR refers to VTR which uses pose features and
damping vector(4).

Action [6] | Exp.1 | Exp.2
blow+candle 29 44 35
climb-+ttree 24 24 24
eat+sushi 12 23 15
jump+rope 26 49 47
catch-+fish 28 59 54
read+book 19 21 20
boil+-egg 9 11 14
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play+guitar 28 41 43
wash+-clothes 15 29 31
wash-+dishes 15 39 39
drive+car 28 40 34
slap+face 20 45 44
squat 19 35 36
serve-+tennis 11 27 30
cook-+rice 6 11 15
comb-+hair 14 26 27
roll4+makizushi | 24 36 32
row-+dumbbell 16 30 33
tie4-necktie 11 28 27

Average 17.9 | 31.5 30.9
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Action [6] | VTR
harvest+rice 49 46
play+trumpet 41 59
ski 49 60
dance+hiphop 43 68
play+drum 40 45
shave+mustache | 31 30
dance+flamenco | 45 53
clean4-floor 31 38
pick+lock 30 28
swim-+crawl 36 49

Average 39.5 | 47.6
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