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EEdhL, o8
¥5E1& : SIFT, CSIFT, Color, HOG, Gabor
73%828 : Multiple Kernel Learning SVM
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FoodLog (http://www.foodlog.jp)
BN SREZ EIRHEE

Technology Assisted Dietary Assessment project
Purdue XREDAFE
FIvAH—h—RZFIRBLTLEZD,

FHE (B OISR T LB Elfd 0

PFID (Pittsburgh Fast-food Image Dataset)
EHRDI7 A MI— L

[Yang et al. CVPR 2010] : BEM O ERRZEFHEL
[Zong et al. ISM 2010] : SIFTHFE=t&H + LBPYF#E
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Deformable Part Model UEC &5imfs A

FRE/N—YDHAESHETERIER (¥
FIRE) =Y DRARE KO\ —Y DALE Tl

EBHOY T OSAETILZED
5= - HOG Al : FRAZSVM

FHEDIEM (TS IRV F &

(*) P.F. Felzenszwalb, R.B. Girshick, D. McAllester, and D. Ramanan,
Object detection with discriminatively trained part-based models, PAMI 2010
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HEMRUFEB (C KD EE UEC &5 imi= A

ERDOYFEZE : SIFT, HOG etc.
AF(CKBDE%ET (hand-craft)

_ 3rd layer
=) > /W
FE(C KD HENETOREE “Objects”
BRENSTYIREZFESR
= B/388 4 7, N 2nd layer
tl:gnq:@}?/a %R‘/Ttﬂ\b\ “Object parts’
1st layer
“‘edges”
CVPR 2012 Tutoriald& D 5| Input

http://cs.nyu.edu/~fergus/tutorials/deep_learning_cvprl2/
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k-means learning UEC &amiEAs

k-means(C K BDFE)
I\PEIFHDEFRENRD ML Z2OSXFIUT
sparse auto-encoder, sparse RBM& D E=EEE

FEDOHIN
1. ZZEGEHISRKE0/N\EE (J\wF) ZTDHT
2. B8t (EoBUTHDEMITIE) &1T5
3. k-means TSRS J>
4. DS ETI-RIvVvIOETS

(*) A. Coates, H. Lee, and A.Y. Ng.
An analysis of single-layer networks in unsupervised feature learning.
In Proc. of International Conference on Atrtificial Intelligence and Statistics, 2011.
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iR sl 8l SEiRhds MR

Avg. Recall 0.520 0.657 0.449 0.651
Avg. Precision 0.315 0.336 0.699 0.412
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